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Abstract

Information about the user and their feelings, thoughts, and emotions are expressed through
the status, comments, and updates on social media or other platforms. These user-generated
contents are an important source for recognizing a user’s personality. Due to the increase in
the amount of various Indian language contents on social media, there is a necessity to
recognize personality from Indian languages. The challenges have increased in the collection
and generation of datasets due to the lack of resources for Indian languages. In the field of
personality recognition, the researchers have utilized machine learning and deep learning
techniques to infer users’ personalities. The machine learning and deep learning models
require enough labeled data for the training. Unlike traditional machine learning, deep
learning techniques automatically generate features and require a significant amount of
labeled data. For the personality recognition task from the Indian language, no sufficient
annotated dataset is available and data preparation for the personality recognition task in the
language has become a critical issue. This paper represents the existing gold standard dataset
for personality recognition in English and also focuses on the challenges of a large amount of

labeled data preparation in the Indian language.
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1. Introduction
Individuals express themselves through utterances and writing with their unique style.
The researcher can recognize individual identity or personality to some extent in the way
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people talk and write [12]. The literature [3,4,11,15] has documented expressive writing
techniques where authors engage in deep and meaningful writing about a troubling, stressful,
and emotional event. The person writing samples or speech samples plays a key role in the

recognition of their personality.

The researchers in the field of personality recognition have used machine learning
and deep learning approaches. From the literature survey, it has been concluded that deep
learning is the fast-growing approach in the field of personality recognition and it improves
accuracy rates in the results [1,2,8,9,11,14,16,18]. Deep learning models automatically
generate features and require large amounts of training data to perform well. The gold-
standard datasets are available in English for the personality recognition task and state-of-the-
art computational personality recognition methods are performed on these datasets. The
following section describes the existing datasets available in English for the personality
recognition task.

2. Existing Dataset for the Personality Recognition Task

The users’ utterances words convey a great deal of information about them. For the
personality recognition task, the researchers have collected datasets either from social media

platforms or even from individuals who are asked to write an essay.
2.1 Written text or Conversation Extracts

The Stream-of-consciousness Essays dataset is a large dataset written by psychology
students who were said to write whatever thoughts and feelings comes into their mind for 20
minutes. It comprises 2,479 essays with 1.9 million words and these essays are tagged with
personality traits based on the Big-5 personality test given by the students. This data was
collected and analyzed by the authors in [12]. This dataset has been utilized in research work
[1,4,11]. Another dataset collected by the authors in [21] consists of 96 participants'
conversation extracts recorded using an Electronic Activated Recorder (EAR). It includes
97,468 words and 15,269 utterances.

2.2 Social Media

The use of social media is increasing tremendously in this internet era. Users share
their information, views, and emotion through social media platforms. The researchers in
the work [5-9] have utilized data collected from Facebook and Twitter to infer users’
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personalities. The user-generated content on social network platforms Facebook and Twitter
was collected through the myPersonality project. Collecting labeled data from social media is
a time-consuming and expensive process. This is the reason for not many standard datasets
from social media are available for the personality recognition task [7]. For collecting
personality scores two approaches have been utilized by the researchers. First, participation
of users to provide self-reported personalities through answering questionnaires. The second
approach is by asking other users’ opinions on the personality of a user [7]. Labeling or
assigning the personality score is a challenging task for a non-expert. In personality
psychology, various questionnaires and tests are available to find personality scores such as
Ten-ltem Personality Inventory (TIPI), 10-item personality test (BFI-10), NEO-Personality-
Inventory (240 items), the NEO Five-Factor Inventory (60 items), and the Big-Five Inventory
(44 items) [12]. The utilization of these questionnaires makes it easier to collect the users’
personality scores. The researcher in [8,16] employed the Big Five Factor personality

Inventory questionnaire for collecting personality scores.

Many peoples live in rural areas and hence they have the problem of understanding
and speaking the English language. There is a also need to explore the Indian language
content and get insight and evaluation of human perceptions expressed by the users. For the
personality recognition task from the Indian language, there are no sufficient annotated
datasets available. It is difficult to find or generate a new dataset and as well as cleaning and
re-labeling of existing data. The following section describes the challenges faced while the
preparation of the dataset for the personality recognition task in the Indian language.

3. Data Preparation and Quality Challenges for the Personality Recognition In Indian

Languages

From the literature survey, it has been found that research efforts in personality
recognition mostly deal with English text; no work has been reported for personality
recognition in the Indian language. For personality recognition from the Indian languages,
there is no sufficient annotated dataset available in Indian languages. The machine learning
and deep learning models learn an internal representation of data to perform the task.
Therefore these models require a significant amount of data to learn well. Data preparation is

the major challenge for the personality recognition task. Data collection and preparation
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recently has become a critical issue in the field of personality recognition tasks in the Indian

language.

In the field of personality recognition, finding a suitable dataset and data labeling
assigns personality labels to the user-generated content itself becomes a challenge. Data
labeling is important in all supervised learning approaches. Manual labeling of user
personalities to user-generated content can be expensive. The collection of more data may not
improve the model’s accuracy due to its low quality. To achieve good accuracy results of the
machine learning and deep learning models data need to be clean. The machine learning and
deep learning models automatically learn and generate features, and infer the personality
from their user-generated content, but it requires a large amount of training labeled data. For
the development of the dataset, the data management issues are how to prepare a large
personality dataset, how to perform traits class labeling, and how to improve the quality of
existing personality datasets. To deal with such issues and challenges researchers need to
understand the literature related to personality psychology, machine learning and deep
learning approaches, and data management communities. The challenges in dataset
preparation and data cleaning are presented in this paper based on the survey study [13,17].
The solutions to these challenges are discussed in the following sections.

3.1 Data Collection and Preparation

The data collection process for the personality recognition task comprises three major
processes. First, data acquisition is the process of finding a suitable dataset in the Indian
language for the training of machine learning and deep learning models. For the data
collection and preparation in Indian languages, researchers either can manually collect the
datasets or translate the existing dataset available in English such as Stream-of-consciousness
Essays dataset and myPersonality for the personality recognition task as discussed in Section-
2. These existing datasets are translated by the Google Translate interface [19]. After the
translation, there is a need to manually clean and correct the translation with the re-

arrangement of words.

The second process for data collection is data labeling, it is necessary for the
supervised learning approaches. The manual labeling of personality data is expensive. In data
labeling, one can utilize existing personality labels or can use various questionnaires

available in personality psychology to find users’ personality scores such as Ten-ltem
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Personality Inventory (TIPI), 10-item personality test (BFI-10), NEO-Personality-Inventory
(240 items), the NEO Five-Factor Inventory (60 items), and the Big-Five Inventory (44
items) as discussed in Section 2.2. Finally, researcher can improve the quality of the existing

dataset instead of collecting and preparing data from the beginning.
3.2 Improving Existing Dataset

The utilization of existing gold-standard datasets Stream-of-consciousness Essays
dataset and myPersonality is an efficient approach for the personality recognition task in
Indian languages. The major issue with the machine learning and deep learning approach is
noisy data and incorrect labeling. Data quality affects machine learning and deep learning
model performance. The cleaning and re-labeling of existing data may improve the accuracy
of the model [17]. Data quality is the key issue in data management, dirty data leads to
inaccurate classification and data analytics results. Data quality indicates the degree to which
the data is complete, reliable, free from duplication, accurate, and timely for a given purpose.
Data cleaning is the process that referred to the tasks which detect and repair errors in the

data. The study [13] revealed the impact of data cleaning on machine learning models.

As discussed, translated existing dataset may contain one or more types of errors:
Inconsistencies, Incorrect translation, Duplicates, Missing Values, Outliers, and Mislabels
Data. In the dataset mislabels errors arise when a personality trait is wrong labeled. For
mislabels errors, it is difficult to clean it without knowing domain knowledge. The study in
[13] followed the flipping process of uniform class noise and pairwise class noise to repair
mislabel errors. The missing values error occurs in the dataset when an empty value is stored
for some trait in the dataset. The deletion and imputation methods can be used to repair
missing values. The outliers are the abnormal observation and the methods Standard
Deviation, Isolation Forest Method, Method Interquartile Range Method, Deletion, and

Imputation have been utilized in the study [13] to detect the outliers.

4. Conclusion

Machine learning and deep learning have become more popular and important to
improve personality classification results. In the direction of future research, deep learning
models can provide helpful insights into the psycholinguistic feature with the availability of
large and quality datasets. In this work, an existing dataset has been presented for the
personality recognition task and challenges in data collection and generation in Indian
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languages. Furthermore, data quality issues and their solutions have been discussed for

improving the existing datasets. Data quality affects the performance of machine learning and

deep learning models. The generation of a new dataset for the personality recognition task in

Indian languages is difficult, and so an alternative approach is required to improve the

existing datasets. Cleaning the existing dataset may be the faster way to increase the accuracy

of the models. In future research directions, the research may be expanded to emphasize the

selection of the data cleaning methods for improving dataset quality.
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